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The Spatial — Temporal Differentiation and Influencing Factors of New Driving Force to Manufacture in China
LI Fu—zhu, WANG Xiang — yun
(School of Economics, Ocean University of China ., Qingdao, Shandong 266100, China)

Abstract: On the basis of constructing the new driving force index of provincial manufacturing, the spatial—temporal
differentiation and influencing factors of new driving force of manufacturing in China in 2003—2016 were analyzed by
using GIS spatial analysis method and systematic GMM model. The results show as follows: First, the China’s new
driving force of manufacturing appears a U—shaped trend of rising first and then decreasing; the level of new driving
force in the eastern region is much higher than that in the central and western, and the gap between them shows a nar-
rowing trend. Second, the level of new driving force in provincial manufacturing presents a high value and maintains
the spatial pattern of" high in south, low in north"; the high—value area of new driving force in manufacturing indus-
try gradually forms the characteristics of the Yangtze River Delta, Pearl River Delta and Chengdu— Chongqing Eco-
nomic Zone, instead of dispersed layout. Third, Human capital agglomeration, opening to the outside world, system
quality and consumption upgrading can significantly promote the level of new driving force in manufacturing industry,
but the positive promotion effect of technological innovation is not significant enough in statistics.

Key words: new driving force; manufacture; spatial— temporal differentiation;impacting factors;provincial area
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