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The Strategies of Intelligent Identification and Model Optimization Respecting Corporation Financial Fraud
ZENG Xiao~qging , TANG Xiang-yong
(School of Economics and Management , Changsha University of Science and Technology »
Changsha » Hunan 410114, China)
Abstract: Corporate financial fraud is a kind of concealed behavior with various means. which disrupts the capital mar-
ket and damages the interests of investors. It is difficult for traditional methods to identify financial fraud, but in re-
cent years, intelligent financial technology has developed rapidly, providing a new means for fraud identification. Tak-
ing China's A-share listed companies from 2010 to 2019 as the research object, 2,338 pieces of fraud data and 4,676
pieces of non-fraud data have been applied for comparison, and four models have been constructed based on logistic re-
gression, decision trees, support vector machine and neural networks. Those models were compared and optimized
through parameters tuning so that financial fraud could be identified intelligently. Studies found that models can be
well presented through 10 financial indicators such as financial leverage, current assets turnover as well as two non-fi-
nancial indicators, namely shareholding ratio of major shareholders and audit opinion, and the model based on multi-

level neural network identifies financial fraud better.

Key words: financial fraud; intelligent finance; machine learning; fraud identification; model optimization
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